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Multiple forms of hotspots 
of tetrapod biodiversity 
and the challenges of open‑access 
data scarcity
Florencia Grattarola1*, Juan A. Martínez‑Lanfranco2, Germán Botto3, Daniel E. Naya4, 
Raúl Maneyro5, Patricia Mai6, Daniel Hernández7, Gabriel Laufer8, Lucía Ziegler6, 
Enrique M. González9, Inés da Rosa10, Noelia Gobel8, Andrés González9, Javier González9, 
Ana L. Rodales9 & Daniel Pincheira‑Donoso11*

The uneven spatial distribution of biodiversity is a defining feature of nature. In fact, the 
implementation of conservation actions both locally and globally has progressively been guided by 
the identification of biodiversity ‘hotspots’ (areas with exceptional biodiversity). However, different 
regions of the world differ drastically in the availability of fine-scale data on the diversity and 
distribution of species, thus limiting the potential to assess their local environmental priorities. Within 
South America—a megadiverse continent—Uruguay represents a peculiar area where multiple tropical 
and non-tropical eco-regions converge, creating highly heterogeneous ecosystems, but where the 
systematic quantification of biodiversity remains largely anecdotal. To investigate the constraints 
posed by the limited access to biodiversity data, we employ the most comprehensive database for 
tetrapod vertebrates in Uruguay (spanning 664 species) assembled to date, to identify hotspots of 
species-richness, endemism and threatened species for the first time. Our results reveal negligible 
spatial congruence among biodiversity hotspots, and that tetrapod sampling has historically 
concentrated in only a few areas. Collectively, our study provides a detailed account of the areas 
where urgent biodiversity monitoring efforts are needed to develop more accurate knowledge on 
biodiversity patterns, offering government and environmental bodies a critical scientific resource for 
future planning.

The prevailing spatial unevenness in the distribution of biodiversity globally1,2 imposes pressing challenges 
to the understanding and conservation of ecosystems given that the distribution of threats is also spatially 
asymmetric3–6. Therefore, in an era of alarming worldwide biodiversity declines7–10, where the majority of species 
still remain to be discovered11, it is crucial to accurately identify the geographic regions of primary conservation 
concern12,13. Hotspots of biodiversity—areas characterised by exceptional relative species-richness, or by unusu-
ally high numbers of endemic and endangered species14,15—have largely been considered primary targets for such 
conservation actions16–19. Ecological criteria such as vulnerability20,21, irreplaceability22 and representativeness23 
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have been used to identify biodiversity areas of priority concern17,24,25. However, a major challenge intrinsic to 
studies of biodiversity distributions at large spatial or taxonomic scales is the difficulty that assembling com-
prehensive datasets that cover high proportions of the diversity of entire regions or clades involves26,27 (often 
referred to as ‘the Wallacean shortfall’28). This challenge is aggravated in some countries that tend to concentrate 
less comprehensive biodiversity datasets29 (i.e., data-poor regions), whilst often hosting the biodiversity-richest 
regions and undergoing the toughest pressures on biodiversity28,30,31.

Over the last 2 decades, increased efforts have been made to expand the spatial and/or taxonomic cover-
age of biodiversity datasets, with the aim to advance our ability to quantify biodiversity patterns and to make 
evidence-based decisions about conservation actions18,32–35. As comprehensive biodiversity datasets become 
available, evidence has revealed, among other core findings, that different measures of biodiversity hotspots are 
not consistently congruent in space36,37. Additionally, conservation actions are not effective across or even within 
the same clades, given the biological idiosyncrasies of each group32—for example, given that ectothermic tetra-
pods (amphibians, reptiles) do not experience the same environmental pressures that endothermic organisms 
(mammals, birds) do, their biological responses to the same environments can differ importantly38. The spatial 
and time scales considered are also expected to impact on the patterns being observed, and thus, finer-scale 
data tend to offer better resources for more effective inferences about the spatial organisation of biodiversity39,40. 
Therefore, efforts devoted to create truly comprehensive primary biodiversity datasets are expected to hold a 
vital key to understand and manage biodiversity41,42.

Within South America—one of the world’s most biodiverse continents14,16–, Uruguay, which spans one of the 
world’s most extensive natural grasslands43,44, stands-out given the convergence of tropical and non-tropical eco-
regions that combined bring together the geographic boundaries of an important ‘mix’ of species representative 
of those major biological domains45–50. Yet, Uruguay’s network of protected areas spans < 1.5% of the country’s 
territory51—the lowest for any country in South America52,53. A dominant reason for such discrepancies between 
the country’s diversity and conservation actions can be attributed to the limited knowledge on the distribution 
of its biodiversity. While previous attempts to identify the geographic location of Uruguay’s biodiversity hot-
spots have been made54–57, the quantification of multiple forms of biodiversity hotspots remains fundamentally 
neglected given the severe gaps in geographic data and the lack of comprehensive open-access databases on 
species distributions. Thus, despite its unique ecosystem and biodiversity attributes, the availability of scientific 
tools for evidence-based management and longer-term planning of Uruguay’s environments lags behind most 
countries in the continent. To address this historical issue, Biodiversidata—Uruguay’s first Consortium of Bio-
diversity Data (https​://biodi​versi​data.org/) has recently been created58,59. This initiative gathers a collaborative 
scientific community of the country’s biodiversity experts with the aim of assembling a constantly growing 
database for Uruguay’s biodiversity. The first version of Biodiversidata presented a comprehensive dataset for 
all tetrapod species58.

In this study, we investigate for the first time the distribution, diversity and congruence of Uruguay’s hotspots 
of tetrapods, using > 69,000 geographic records for 664 species of amphibians, reptiles, birds and mammals 
(Table 1, Supplementary Fig. S1) compiled as part of the emerging Biodiversidata initiative58. We aim to (1) 
elucidate the spatial patterns of tetrapod species-richness, endemism and threatened species (both measured as 
absolute and relative numbers of species facing extinction risk), and quantitatively assess their spatial congruence, 
(2) measure the sampling bias and evaluate estimated diversities, (3) assess whether the current protected area 
network in Uruguay is capturing the different hotspots, and (4) identify areas where future sampling to foster 
robust environmental management and planning should be prioritised.

Results
The spatial distribution of biodiversity.  The distributional patterns of all three types of hotspot (spe-
cies-richness, endemism and threatened species number/proportion) varied across taxa (Fig. 1 and Supplemen-
tary Fig. S2,S3). Species-richness for all groups of tetrapods was aggregated in the south and south-east coast of 
the country (Fig. 1, top row), with the highest numbers of species detected in the surroundings of Montevideo 
(capital city) and other coastal cities. High numbers of species were also detected in the mid-east border with 
Brazil and in the north-west side of the Uruguay River. Each group also exhibited high concentrations of species 
in exclusive grid-cells—not shared between groups (Fig. 1, top row). Endemism patterns were more homogene-

Table 1.   Occurrence records and unsampled area (grids without records) per tetrapod group. Number of 
records (non-duplicated records/location/year), number of species and unsampled area (expressed in km2 and 
percentage of the total area of Uruguay), for all tetrapods and separated classes, according to each grid-cell size 
(12.5 × 12.5 km, 25 × 25 km and 50 × 50 km).

Number of records Number of species

Unsampled area

12.5 × 12.5 km 25 × 25 km 50 × 50 km

km2 % km2 % km2 %

Tetrapods 69,364 664 54,527.2 30.9 10,792.7 6.1 10.6 0.01

Amphibians 2546 50 129,581.1 73.5 68,674.9 39 11,822.4 6.7

Reptiles 2343 68 97,163.5 55.1 40,172.5 22.8 7995.6 4.5

Birds 60,524 430 110,803.4 62.9 52,008.1 29.5 10,778.2 6.1

Mammals 3951 116 105,173.6 59.7 36,144.6 20.51 10.6 0.01

https://biodiversidata.org/
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Figure 1.   Spatial distribution patterns of hotspots of tetrapod species in Uruguay. Hotspots metrics for all 
tetrapods, amphibians, reptiles, birds and mammals (from left to right), of species-richness (SR) (top row), 
endemism (E) (second from the top row), threatened species proportion using the global IUCN assessment 
(TSPG) (third row) or national IUCN assessment (TSPN) (forth row), and threatened species number using 
the global IUCN assessment (TSNG) (fifth row) or national IUCN assessment (TSNN) (bottom row). Blue cells 
indicate either non-sampled areas or zero values of threatened species for both relative and absolute estimates. 
Because of lack of mammals’ threat assessment, values for mammals and tetrapods at national level could not be 
computed (grey maps are shown). Scale bar values differ between panels depending on the hotspot’s metric, top 
values are shown for each. All maps in 25 × 25 km grid-cell resolution. Projection WGS1984. Maps generated 
using ArcGIS 10.6 (https​://deskt​op.arcgi​s.com).

https://desktop.arcgis.com
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ously distributed for all tetrapods, with moderate values all across the territory and few high endemism areas 
towards the south and south-east coast, north-west and the mid-east borders of the country (Fig. 1, second row 
from the top). For each separate tetrapod class, we detected a similar pattern. Amphibians presented exclusive 
areas of endemism in the northwest, northeast and mid-east of the country, birds in the south coast, and mam-
mals in the south-east Atlantic coast. We did not observe any reptile-exclusive areas of endemism. The hotspots 
of threatened species for all tetrapods combined and separated exhibited a few grid-cells of high value, for both 
species proportions (Fig. 1, third and fourth rows) and numbers (Fig. 1, fifth and bottom rows), irrespective of 
the IUCN categories used to assess threatened species. However, when using national IUCN assessments, addi-
tional peak values were revealed. Each tetrapod class showed unique areas with a high proportion of threatened 
species which, contrary to species-richness and endemism, were principally located distant to the coast and 
towards the centre of the country. The scarce hotspots of threatened species identified in all cases are mainly 
due to the low number of species that are assessed as threatened (i.e., critically endangered, endangered and 
vulnerable), either globally with 4 species of amphibians (8% of the total species), 9 reptiles (13.2%), 15 birds 
(3.5%) and 8 mammals (6.8%), or at the national level, with 12 species of amphibians (24% of the total species), 
8 reptiles (11.8%) and 40 birds (9.3%).

The spatial congruence of biodiversity hotspots.  We found a tendency for low spatial congruence 
across and within different measures of biodiversity hotspots when taking tetrapod classes combined or sepa-
rately. The extent of spatial congruence across types of hotspots varied according to grid-cell size (12.5, 25 and 
50 km), if threatened species proportion or number was considered, and the percentage of the hotspot area defi-
nition (% of area/number of cells occupied by hotspots; from 0 to 100%) (Fig. 2). However, we observed a ten-
dency towards greater levels of congruence when relaxing the hotspot definition to 10% of the richest grid-cells, 
using the major grid-cell size and numbers of threatened species instead of proportions (Table 2a). Exceptionally 
for amphibians, birds and mammals, using the 50 × 50 km unit and considering the smallest definition of the 
area occupied by hotspots (2–2.5%), we observed complete congruence as the three types of hotspots were local-
ised in the same unique grid-cell (Fig. 2a,c,d: red line). Amphibians and birds showed higher congruence when 
the national IUCN assessment was used (Fig. 2a,c). Yet, this was not the case for reptiles, which had a prevailing 
tendency for incongruence between diversity hotspots (Table 2a). The extent of spatial congruence of hotspots 
for tetrapods combined was generally higher than for each separate group (Fig. 2e). 

Similarly, we observed very few overlapping grid-cells for each separate hotspot type when combining all 
tetrapods (Supplementary Fig. S4). Congruence increased by varying the hotspot definition criteria to the rich-
est 10% of grid-cells, though it always remained less than 18% for all types of hotspots (Table 2b). The spatial 
overlap of hotspots of species-richness combining groups decreased with the increase in the grid-cell size, while 
the congruence of hotspots of endemism was less sensitive to it (Supplementary Fig. S4a, b). The congruence of 
hotspots of threatened species was very low regardless of grid’s size, for both species proportion and numbers 
(Supplementary Fig. S4c, d).

Spatial correlation of sampling effort and biodiversity hotspots.  The reconstruction of biodiver-
sity hotspots critically depends on the historical distribution of sampling efforts. The spatial patterns of species-
richness and endemism were significantly highly correlated with those of sampling effort for all tetrapod species 
and each single group (r ≥ 0.8, p < 0.001) (Supplementary Table S1). The spatial correlations between sampling 
effort and threatened species numbers were moderate to high for all groups (0.54 < r < 0.73, p < 0.001), while 
there were no significant correlations between threatened species proportions and sampling effort, or any metric 
of hotspot diversity.

Despite the lack of congruence across types of hotspots for each tetrapod group (Fig. 2), we saw moderate 
to high levels of spatial correlations between each pair of diversity measure (Supplementary Table S1), ranging 
from r = 0.706 to r = 0.802 (p < 0.001) for species-richness versus endemism, r = 0.521 to r = 0.793 (p < 0.001) for 
species-richness versus threatened species number, and r = 0.613 to r = 0.828 (p < 0.001) for endemism versus 
threatened species number, while there were no significant correlations between threatened species proportions 
and any other metric. For those groups with national red lists assessments (amphibians, reptiles and birds), we 
found higher correlations when using national IUCN threat categories rather than global, except in the case of 
reptiles’ spatial association between endemism and threat patterns (Supplementary Table S1).

When assessing how similarly distributed hotspot types between groups were, we found low to moderate 
correlation values for each type of diversity hotspot, all significant (p < 0.001) except when measuring threatened 
species proportions for any pair of tetrapod group (Supplementary Table S2). Species-richness patterns were 
moderately correlated, with amphibians versus reptiles showing the highest levels (r = 0.748), while the lowest 
were between amphibians and birds (r = 0.514, p < 0.001). Endemism revealed weaker associations between 
groups, ranging from r = 0.360 (p < 0.001) for amphibians versus birds, to a maximum of r = 0.697 (p < 0.001) 
between birds and mammals. The association between groups regarding the threatened species numbers showed 
similar low correlation values, below r = 0.595 (p < 0.001) for all pairs of classes analysed using global threat 
categories, and under r = 0.467 (p < 0.001) when using the national ones.

Comparing true diversities among groups.  The number of grid-cells that were sufficiently sampled to 
be considered for the analyses varied across scales and taxa (see Supplementary Table S3 for specific numbers at 
each spatial resolution). Yet, for each taxonomic group, only between 7–21% and 34–62% of the grid-cells were 
included, for the 25 × 25 and 50 × 50 km grid-cell size, respectively. Amphibians were the group with the highest 
coverage levels (at Cmax and C5%) regardless of the scale, while reptiles were the group with the lowest values of 
sampling coverage (Supplementary Table S3). The distribution patterns of the observed species-richness levels, 
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across groups and scales, were usually not congruent with those of the species-richness standardised for sam-
pling coverage at Cmax and C5% values (Fig. 3, Supplementary Fig. S5), though, the patterns of richness at Cmax 
and at C5% were generally consistent. For reptiles, birds and mammals, estimated species-richness was higher 
in northern areas, opposite to the peaks of observed richness seen in the coast (Fig. 3). For amphibians, maxi-
mum values of observed or estimated values of species-richness were more similarly distributed, occupying both 
northern and southern coastal regions (Fig. 3).

Figure 2.   Extent of spatial congruence across types of hotspots. Species-richness (SR), endemism (E), 
threatened species proportion using the global IUCN assessment (TSP G) or national IUCN assessment (TSP 
N), and threatened species number using the global IUCN assessment (TSN G) or national IUCN assessment 
(TSN N). For amphibians (a), reptiles (b), birds (c), mammals (d) and tetrapods (e). Metrics are analysed with 
three different grid-cell sizes 50 × 50 km (red line), 25 × 25 km (green line) and 12.5 × 12.5 km (yellow line). 
Congruence is the number of cells that represent hotspots for all three diversity indices and is measured as the 
percentage of shared grid-cells over the percentage of land covered by hotspots according to a varying definition 
from 0 to 100% of the total grid-cells. Vertical dashed lines show 2.5% and 10% hotspot definition criterion.
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Protected area network and hotspots of tetrapods.  The network of protected areas (Supplemen-
tary Fig. S6) only partially encompasses hotspots in Uruguay (Supplementary Table S4). On average 56.7% of 
the richest grid-cells of observed tetrapod species-richness overlapped in part with a protected area (i.e., some 
extent of the hotspot was within a declared area), whilst overlapping decreased to 43.4% when considering rich-
ness standardised for sampling coverage at Cmax and to 48.6% for richness estimated at C5%. Mammals species-
richness peaks were better covered (50–66.7%) while reptiles’ hotspots were the poorest integrated (16.7–50%). 
In the case of hotspots of endemism, we saw that on average for all tetrapods 54.6% of the peaks were located 
within protected areas. For threatened species number we found that an average of 58.8% and 65.6.3% of the 
peaks were covered, considering global and national IUCN assessments respectively. Hotspots of threatened 
species proportion, however, did not overlap with protected areas, except for the amphibian’ group for which we 
found a 25% of overlapping.

Areas of ‘ignorance’.  The spatial evenness in the distribution of the > 69,000 geographic records was low, 
and the levels of incompleteness per-area were considerably high (Fig. 4), with most of the territory (> 95.5%) 
identified as under-sampled (see SAC slope > 0.05; Supplementary Table S5; Supplementary Fig. S7). For amphib-
ians, the data covered 61% of the territory (Table 1: grid-cell size 25 × 25 km), and yet, only two grid-cells can be 
considered as well sampled (SAC slope ≤ 0.5), covering only 0.3% of Uruguay’s area (Supplementary Fig. S7a). 
Birds, the group with the highest sampling effort, also had low levels of geographic coverage with 29.5% of the 
area unsampled (Table 1, Supplementary Fig. S7c), and with 20 grid-cells (4.5% of the national territory) con-
sidered as well-sampled. Reptiles and mammals showed the highest spatial coverage, with 77.2% and 79.5% of 
the total area covered, respectively (Table 1, Supplementary Fig. S7b,d). However, mammals did not present any 
well-sampled grid-cell and reptiles only 1, covering 0.2% of Uruguay’s area.

Table 2.   Hotspots congruence. The extent of spatial congruence of (a) all types of hotspots considering all 
tetrapods and each tetrapod group and (b) each different type of hotspots considering all tetrapods together; 
varying both the size of the sampling unit (12.5x, 25 × and 50 × km) and the criterion to define a hotspots (%2.5 
or 10% of area/number of cells occupied by hotspots).

Congruence (% of area shared by hotspots)

Analysis

Grid-cell size

12.5 × 12.5 km 25 × 25 km 50 × 50 km

Hotspots 
definition

Hotspots 
definition

Hotspots 
definition

2.5% 10% 2.5% 10% 2.5% 10%

(a) Group

All tetrapods 0 6.7 0 8.8 0 26.7

Species Richness + Endemism + Threatened Spe-
cies Proportion Global

Amphibia 0 8.1 0 5.1 0 18.8

Reptilia 0 20.0 0 13.3 0 0

Aves 0 3.7 0 6.8 0 6.2

Mammalia 0 17.2 0 10.0 0 18.8

All tetrapods – – – – – –

Species Richness + Endemism + Threatened Spe-
cies Proportion National

Amphibia 0 18.6 0 18.2 25.0 13.3

Reptilia 0 0 0 3.8 0 0

Aves 0 0.9 0 6.7 0 14.3

Mammalia – – – – – –

All tetrapods 38.7 29.2 27.3 52.5 0 38.5

Species Richness + Endemism + Threatened Spe-
cies Number Global

Amphibia 5.9 25.5 12.5 34.5 25.0 21.4

Reptilia 11.5 20.0 0.0 26.2 0 6.7

Aves 4.3 12.6 25.0 38.2 33.3 33.3

Mammalia 16.7 19.6 30.0 25.6 100.0 28.6

All tetrapods – – – – – –

Species Richness + Endemism + Threatened Spe-
cies Number National

Amphibia 6.2 35.3 28.6 52.0 33.3 23.1

Reptilia 14.8 18.9 15.4 33.3 0 21.4

Aves 9.1 18.6 25.0 53.3 25.0 60.0

Mammalia – – – – – –

(b) Type of hotspot

Species Richness 5.4 8.2 0 17.2 0 5.6

Amphibia + Reptilia + Aves + Mammalia
Endemism 13.6 15.1 0 13.6 0 5.3

Threat. Sp. Proportion Global 0 0 0 1.8 0 0

Threat. Sp. Number Global 0 2.6 0 14.7 0 4.8
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Figure 3.   Spatial patterns of observed and estimated species-richness (Hill’s number of order q = 0) for 
tetrapods in Uruguay. Observed species-richness, species-richness at Cmax (minimum coverage of samples 
extrapolated to double the size of the reference sample) and at C5% (5% percentile of sampling coverage at 
doubled sample sizes), for amphibians, reptiles, birds and mammals. Protected areas are shown overlapped. All 
maps in 25 × 25 km grid-cell resolution. Projection WGS1984. Maps generated using ArcGIS 10.6 (https​://deskt​
op.arcgi​s.com).

https://desktop.arcgis.com
https://desktop.arcgis.com
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Figure 4.   Areas for future sampling effort prioritisation. Priority categories for amphibians (a), reptiles (b), 
birds (c) and mammals (d) were calculated using species accumulation curves (SACs). Scale: Null (i.e., grid-
cells where mean slope of the last 10% of SACs was lower or equal to 0.05), ‘Low’ (between 0.05 and 0.25), 
‘Medium’ (between 0.25 and 1), ‘High’ (grid-cells where the sampling effort was so low that it was not possible to 
calculate SACs), and ‘Very High’ (i.e., grid-cells where no records were found). All maps in 25 × 25 km grid-cell 
resolution. Projection WGS1984. Maps generated using ArcGIS 10.6 (https​://deskt​op.arcgi​s.com).

https://desktop.arcgis.com
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A major part of the Uruguayan territory was considered under the high and very-high sampling priority cat-
egories and in average for all tetrapods 67.5% of the area has been completely neglected (Fig. 4, Supplementary 
Table S5). These areas were mostly concentrated in the centre lowlands of the country.

Discussion
Our study provides a detailed empirical case revealing the severe consequences that the lack of open-access 
biodiversity databases can have for the implementation of effective conservation actions directed to a country’s 
biodiversity management. By focusing on the tetrapod biodiversity of Uruguay—one of America’s most neglected 
countries in terms of availability of scientific data on its biodiversity58—our results show how the non-systematic 
(i.e., lacking a structured strategic approach for symmetric coverage of areas) and geographically concentrated 
sampling in only a few areas (at the expense of the majority of the country’s surface) have prevented the oppor-
tunities to identify areas of potential conservation and management priority. To address this issue, we have 
created the first open-access biodiversity initiative (Biodiversidata) in Uruguay, which reveals the distribution 
of different hotspots of biodiversity, and shows low levels of congruence among these measures regardless of 
the spatial scale or the IUCN assessment level used to calculate threatened species hotspots (i.e., national or 
global). Additionally, we identified well-surveyed sites, spatial gaps, and priority areas for future sampling efforts 
of amphibians, reptiles, birds and mammals in Uruguay. Thus, we believe that the novel evidence presented in 
our study will provide a critical scientific tool to effectively allocate resources for the exploration and monitor-
ing of Uruguay’s biodiversity, and to ultimately enhance the efficiency in the process of evidence-based decision 
making towards conservation.

Biodiversity hotspots: real or fabricated?  We found that number of species and endemism tend to 
concentrate around southern coastal cities. Studies performed at regional scales (e.g., sampling units > 2500 
km2), have reported positive correlations between human population density and species-richness60,61. How-
ever, we cannot distinguish if the distribution of hotspots surrounding Uruguay’s major Atlantic-coast cities are 
a true pattern or an artefact product of sampling effort62, given that similar diversity levels could be found at 
other locations if sampling was as intense. By assessing true diversities (i.e., species-richness for a standardised 
sampling coverage), we found that the number of comparable areas is highly limited, yet those analysed tended 
not to exhibit the same distribution of species-richness peaks across scales and taxa. Thus, the question whether 
richness levels in the centre of the country are biologically (rather than artifactually) low, remains open, given 
the predominant knowledge gaps at these locations. Likewise, the high spatial correlation of species-richness 
for reptiles and amphibians, and of endemism for birds and mammals, cannot be disentangled from the effect 
of what could be essentially coordinated efforts of data collection linking these groups (e.g., herpetologist col-
lectors). Importantly, incompleteness in the inventories may also correspond to existing knowledge that is not 
digital or accessible. In this sense, our analyses consider all the existing information that is possible to analyse, 
data that we rescued63 and made available.

Spatial incongruence among hotspots of biodiversity.  Discrepancies in the congruence of hotspots 
of biodiversity have previously been reported for other regions37,64–67. As the establishment of protected areas 
usually relies on the use of species-richness as a proxy of biodiversity39, the lack of congruence between different 
cross-taxon metrics debilitates the premise that a subset of taxa or features can be representative of biodiversity 
for conservation planning. Our findings suggest that the patterns we observe in Uruguay are strongly influenced 
by historical biases in sampling efforts that have dominated scientific practice. In this context, it is critical for 
future conservation assessments that we are able to quantify the spatial distribution of the different hotspots 
types, across taxa and at different scales of analysis40, to accurately recognise the limitations of the selection of 
reserve areas for the whole biodiversity protection and to monitor their effective representativeness.

Towards effective conservation of biodiversity.  The conservation prioritisation and planning strate-
gies adopted by nations around the world are myriad. However, they all depend on comprehensive, high-reso-
lution, up-to-date spatial information about species, ecosystems, and ecosystem services. The National System 
of Protected Areas of Uruguay was created in 2000, inaugurating the newest protected area system of Latin 
America. To prioritise which areas to include, the government collated a large biodiversity database (in grids of 
660 km2—a very crude spatial resolution) that led to the decision of including specific areas despite the incom-
pleteness of this nation-wide resource68—the Biodiversidata initiative aims to overcome this limitation58. In 
recent years, studies on the distribution of biodiversity have been performed using more complex quantitative 
methods54, yet, the data limitations have remained mostly the same. The bias that results from uneven sampling 
effort highly affects the estimation of richness69,70 and may lead to ineffective conservation prioritisation71,72, 
particularly in developing countries73. The efficiency of biodiversity conservation of the protected area system 
in Uruguay has not been tested. Precisely, in our study we observe that some areas need additional conservation 
attention to reach the most complete representation of the different tetrapod groups in the current network.

Uncertainty in the selection of suitable environments for conservation may lead to inadequate reserve selec-
tion and inappropriate habitat protection to higher extinction vulnerabilities74. Consequently, the allocation 
of investment for the study of neglected areas (particularly in countries such as Uruguay, where the dominant 
proportion of the country can be classed within this category) is likely to impact considerably on the efficiency 
of decisions and ultimately, on the expected outcomes75. Conservationists are often required to make decisions 
with incomplete and biased data, however, in order to improve and project better decision-making, there is an 
urgent need to focus in the knowledge gaps76. For instance, in the past 15 years, new species to science have been 
described and others have been recorded for the first time in the country expanding their distribution ranges, 



10

Vol:.(1234567890)

Scientific Reports |        (2020) 10:22045  | https://doi.org/10.1038/s41598-020-79074-8

www.nature.com/scientificreports/

most of which are not considered on conservation prioritisation schemes. A range of new tetrapod species, 
including reptiles (Contomastix charrua77 and Liolaemus gardeli78), amphibians (e.g., Rhinella achavali79, Melano-
phryniscus langonei80 and Odontophrynus maisuma81), as well as first time species records including charismatic 
mammals (e.g., Puma yagouaroundi82 and Alouatta caraya83), amphibians (e.g., Leptodactylus furnarius84, Boana 
albopunctata85 and Physalaemus cuvieri86) and birds (e.g., Piculus aurulentus, Myiarchus tyrannulus and Anthus 
nattereri87, Ramphastos toco88 and Tyrannus tyrannus89).

Future directions targeting knowledge gaps.  Gaps in digital accessible information about the geo-
graphical distribution of species are a well-known and global issue28,90 that precludes from informing or moni-
toring the accomplishment of conservation targets across continents76. Open-access standardised datasets91 on 
species taxonomy, distribution, abundance, and evolutionary patterns remain largely unavailable in Uruguay, 
for all groups across the tree of life—this makes Uruguay one of America’s most neglected countries in this 
sense. Remarkably, our results reveal that for tetrapods, > 95.5% of the country’s land area remains insufficiently 
sampled. Thus, in the near future, biodiversity data mobilisation92 is amongst the greatest challenges the coun-
try will face93,94. Currently, the major scientific collections (i.e., Universidad de la República and the Museo 
Nacional de Historia Natural de Uruguay) are digitally inaccessible and, therefore, at latent risk of being lost95. 
Key efforts need to be made to support research institutions, researchers, policy makers and other stakeholders 
to digitise and store biodiversity data, and to guarantee its availability for evidence-based environmental plan-
ning and management76. Importantly, field research and data-sharing practices need to be encouraged. In this 
regard, our work provides a detailed roadmap of areas where to increase efforts for each tetrapod group. Lastly, 
as it is to many other non-western countries96, citizen science data (e.g., eBird, iNaturalist) has proven to bear a 
remarkable potential in documenting and monitoring biodiversity97,98, and therefore, the promotion of public 
engagement and knowledge democratization processes in countries like Uruguay can play an important role in 
channelling the needed scientific-culture change.

Materials and methods
Data.  Geographic occurrence data of the tetrapods of Uruguay were collated from original sources collected 
by Biodiversidata expert members, from online databases and from the scientific literature (see details and pro-
tocols in Grattarola, et  al.58). To avoid over-inflation of the data, all duplicates species per locality/year (i.e., 
same geographic coordinates) were removed. After this process of data filtering, the total number of records was 
69,364 (Table 1), covering 664 tetrapod native species. This is the most geographically and taxonomically com-
prehensive database of Uruguay’s biodiversity that has been collected to date. The complete database is available 
at Grattarola, et al.99 and Grattarola, et al.100.

Mapping biodiversity metrics and hotspots.  We considered two diversity metrics to define biodiver-
sity hotspots19 (number of species per area, or species-richness, and the proportion of species restricted to a 
particular area, or endemism); and two measures of species vulnerability (the proportion of threatened species 
relative to total species numbers, and the number of threatened species). We used the range-size-weighted spe-
cies-richness (rswSR) as our measure of endemism, a parameter that considers the rarity/prevalence of the spe-
cies over the study area. This enabled us to account for the predominance of species with restricted geographic 
distribution in the country, for simplicity we refer to it as ‘endemism’. The rswSR was calculated following Roll, 
et al.32 Eq. (1),

where qij is the fraction of the distribution of the species j in the cell i. Threatened species number was calculated 
counting the number of species listed as threatened and threatened species proportion as the fraction of species 
listed as threatened per grid-cell, following Böhm, et al.18 Eq. (2),

including critically endangered (CR), endangered (EN) and vulnerable (VU) categories by the total number of 
species (N). For both measures of threatened species we used the IUCN Red List of Threatened Species global 
assessment101 and the IUCN Red List national assessments for amphibians and reptiles102, and birds103. We only 
used the global assessment for mammals given there is no IUCN assessment for this group at the national level. 
Thus, threatened species analyses combining all tetrapods were done considering only global categories.

We defined hotspots as a measure of the spatial distribution of diversity/vulnerability metrics (i.e., species-
richness, endemism or threatened species proportion and number), as a function of grid-cells rather than an 
arbitrary cut-off point (e.g., 2.5% of the richest areas). Therefore, we assumed that hotspots were the highest 
extremes of a gradient of continuous variation.

Analysing spatial patterns using different scales of observation can be useful when the size of the unit (grid-
cell in this case) at which the spatial structure can be characterised is unknown104. Thus, we performed all analyses 
using three different sizes: 50 × 50, 25 × 25 and 12.5 × 12.5 km. Although all the analyses were made for the three 
different grid-cells sizes, we report results from the analyses with the 25 km grid-cell size (see Supplementary 
Fig. S2,S3 for analyses with the other two grid-cell sizes). All maps for each group separately (amphibians, birds, 
reptiles and mammals) and for all tetrapods combined were created using ArcGis 10.6. Sampling effort was 
evaluated as the number of records in each cell (after filtering for pseudo-replication) and species-richness as 
the number of species corresponding to those records.

(1)rswri =
∑

j

qij,

(2)PropThreat = (CR+ EN+ VU)/N,
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Hotspots congruence.  We assessed the extent of congruence for each hotspot type (species-richness, end-
emism and threatened species proportion and number), within each group and across the tetrapod group, by 
calculating the number of overlapping grid-cells37. In cases where data are not randomly distributed, measuring 
metrics with small sampling units will increase the variance while using large sampling units will reduce the 
variability104, which therefore limits our capacity to determine the congruence among hotspots. For this reason, 
to analyse the extent of congruence between the biodiversity hotspots we varied both the size of the sampling 
unit (12.5 × 12.5, 25 × 25 and 50 × 50 km) and the criterion to define a hotspots (% of area/number of cells occu-
pied by hotspots). First, grid-cells without records were removed. Then we sorted all the cells from high to low 
values of the corresponding metrics. Finally, at each definition criterion (from 0 to 100% overlapping over the 
total area by 0,5%), we computed the percentage of congruence as the number of matching grid-cells over the 
total number of unique cells. See the script with a working example in Grattarola105.

Spatial correlations.  We assessed the spatial association between: (1) sampling effort versus each hotspot 
type, (2) pair of hotspot types within each tetrapod group (e.g., amphibians’ species-richness versus amphibians’ 
endemism), and (3) pair of tetrapod classes within each hotspot type (e.g., reptiles’ endemism vs. birds’ end-
emism). Ecological data often have some degree of spatial structure104,—grid-cells can show a tendency to have 
similar values for a given variable with closely distributed grid-cells (i.e., spatial autocorrelation). Therefore, it is 
important to control whether spatial autocorrelation exists among grid-cells for each hotspot metric, and if so, 
estimate the ‘effective sample size’ given the dependency among the values104. Thus, to measure the association 
between the number of records and the biodiversity metrics per grid-cell we used a corrected Pearson’s correla-
tion for spatial autocorrelation104,106 of the ‘SpatialPack’ R package107. Cells without records were eliminated from 
all correlations to remove double zeros.

Comparisons of observed and estimated diversities.  Although the question of whether patterns of 
species-richness are real (the recovered pattern represents the true distribution of biodiversity) or fabricated 
(the recovered pattern is an artefact of the distribution of sampling efforts) cannot be accurately assessed for 
severely under-sampled assemblages, we can still infer species-richness for a standardised coverage and make 
comparisons between observed and estimated diversity values108,109. Fair comparisons across multiple groups 
can be performed using coverage-based rarefaction and extrapolation sampling curves up to a maximum value 
of Cmax (i.e., the level of coverage reached by the sample that attains the lowest coverage when all samples are 
extrapolated to double the reference sample size)109.

We defined the frequency of species incidence at two spatial resolutions: 25 × 25 and 50 × 50 km grid-cells 
(we did not use the 12.5 × 12.5 km resolution due to low numbers of available grid-cells with data for analyses). 
Each grid-cell was further divided into sub-grids of 1 × 1 km to create a species incidence dataset at the grid-cell 
level by counting the number of sub-gridded cells that contained occurrence records for individual species (see 
the script with a working example in Grattarola105). For interpolation (rarefaction) and extrapolation of species-
richness (Hill’s number of order q = 0) we used the R package ‘iNext’110. To obtain reliable estimates, grid-cells 
with few occurrence records were excluded from analyses111: whenever the number of species observed in the 
grid was less than six, the number of sub-gridded cells with at least one incidence was less than six, and the total 
number of species incidences was equal to the number of unique species (species that are each detected in only 
one sub grid-cell). To compare among grid-cells in terms of sampling coverage, we estimated species-richness 
for each tetrapod group at Cmax

109 and at 5% percentile (C5%) of sampling coverage at doubled sample sizes111. 
To determine Cmax, each sample within the grid unit was first extrapolated to double the reference sample size, 
then Cmax was calculated as the minimum among the coverage values obtained from those extrapolated samples. 
See Supplementary Table 3 for specific values at each group and spatial resolution.

Congruence between protected areas and hotspots of biodiversity.  To determine whether the 
location of existing protected areas in Uruguay (as established by the current National System of Protected Areas 
of Uruguay) covers hotspots of species-richness, endemism and threatened species, all maps were overlapped 
with the 16 currently operating protected areas (see Supplementary Figure S4 for a map showing: the network 
of protected areas, areas under assessment for potential consideration as protected areas, and areas for which 
a proposal for consideration has been prepared). Congruence for each hotspot type was then calculated as the 
proportion of the 2.5% of the richest grid-cells, removing empty grid-cells, that were at least partially covered by 
a protected area (i.e., some amount of the area was within a hotspots).

Identification of ‘areas of ignorance’.  As a critical first step to interrogate historically-established public 
policies and efforts about the sampling of Uruguay’s biodiversity, we quantified the levels of inventory incom-
pleteness for each group per area by using curvilinearity of smoothed species accumulation curves (SACs)112,113. 
This method assumes that SACs of poorly sampled grid-cells tend towards a straight line, while those of better 
sampled ones have a higher degree of curvature114. Smoothed SACs were calculated with the method ‘exact’ of 
the function ‘specaccum’ in the vegan R package115. As a proxy for inventory incompleteness we calculated the 
degree of curvilinearity as the mean slope of the last 10% of SACs112. Steep slopes (values close to one) reflected 
high levels of incompleteness, whereas shallow slopes (values close to zero) indicated saturation in the sam-
pling and thus low levels of incompleteness. We considered grids with slope values > 0.05 to be under-sampled 
and those with slope values ≤ 0.05 to be well sampled. The R scripts used for these analyses can be found at 
Grattarola105.

Finally, with the aim to outline a plan to suggest where future sampling efforts should be allocated across 
the territory of Uruguay (e.g., for funding considerations), we generated a map of ‘priority areas of sampling’ 
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for each tetrapod group. Priority levels were established considering the levels of inventory incompleteness. The 
scale ranged from: Null (i.e., grid-cells where mean slope of the last 10% of SACs was lower or equal to 0.05), 
‘Low’ (between 0.05 and 0.25), ‘Medium’ (between 0.25 and 1), ‘High’ (grid-cells where the sampling effort was 
so low that it was not possible to calculate SACs), and ‘Very High’ (i.e., grid-cells where no records were found).

Data availability
All the primary data on species occurrence is available at Zenodo (http://doi.org/10.5281/zenod​o.36858​97). The 
data provided by the members of Biodiversidata can also be accessed via GBIF.org (https​://doi.org/10.15468​/
ozcrp​u).The scripts to perform analyses of hotspots congruence, identification of areas of ‘ignorance’ and spatial 
correlations can be found in GitHub (https​://githu​b.com/bienf​loren​cia/biodi​versi​ty_hotsp​ots).

Received: 24 April 2020; Accepted: 30 November 2020

References
	 1.	 Gaston, K. J. & Blackburn, T. Pattern and Process in Macroecology (Blackwell Science, London, 2000).
	 2.	 Gaston, K. J. Global patterns in biodiversity. Nature 405, 220–227. https​://doi.org/10.1038/35012​228 (2000).
	 3.	 Parmesan, C. Ecological and evolutionary responses to recent climate change. Annu. Rev. Ecol. Evol. Syst. 37, 637–669. https​://

doi.org/10.1146/annur​ev.ecols​ys.37.09130​5.11010​0 (2006).
	 4.	 Lovejoy, T. E. & Hannah, L. E. E. Biodiversity and Climate Change: Transforming the Biosphere (Yale University Press, New Haven, 

2019).
	 5.	 Grenyer, R. et al. Global distribution and conservation of rare and threatened vertebrates. Nature 444, 93–96. https​://doi.

org/10.1038/natur​e0523​7 (2006).
	 6.	 Rodrigues, A. S. L. et al. Spatially explicit trends in the global conservation status of vertebrates. PLoS ONE 9, e113934. https​://

doi.org/10.1371/journ​al.pone.01139​34 (2014).
	 7.	 Butchart, S. H. et al. Global biodiversity: indicators of recent declines. Science 328, 1164–1168. https​://doi.org/10.1126/scien​

ce.11875​12 (2010).
	 8.	 Dirzo, R. et al. Defaunation in the anthropocene. Science 345, 401–406. https​://doi.org/10.1126/scien​ce.12518​17 (2014).
	 9.	 Urban, M. C. Accelerating extinction risk from climate change. Science 348, 571–573. https​://doi.org/10.1126/scien​ce.aaa49​84 

(2015).
	 10.	 Cardinale, B. J. et al. Biodiversity loss and its impact on humanity. Nature 486, 59–67. https​://doi.org/10.1038/natur​e1114​8 

(2012).
	 11.	 Mora, C., Tittensor, D. P., Adl, S., Simpson, A. G. & Worm, B. How many species are there on earth and in the ocean?. PLoS Biol. 

9, e1001127. https​://doi.org/10.1371/journ​al.pbio.10011​27 (2011).
	 12.	 Brooks, T. M. et al. Global biodiversity conservation priorities. Science 313, 58–61. https​://doi.org/10.1126/scien​ce.11276​09 

(2006).
	 13.	 Margules, C. R. & Pressey, R. L. Systematic conservation planning. Nature 405, 243–253. https​://doi.org/10.1038/35012​251 

(2000).
	 14.	 Myers, N., Mittermeier, R. A., Mittermeier, C. G., Da Fonseca, G. A. & Kent, J. Biodiversity hotspots for conservation priorities. 

Nature 403, 853–858. https​://doi.org/10.1038/35002​501 (2000).
	 15.	 Reid, W. V. Biodiversity hotspots. Trends Ecol. Evol. 13, 275–280. https​://doi.org/10.1016/S0169​-5347(98)01363​-9 (1998).
	 16.	 Myers, N. Biodiversity hotspots revisited. Bioscience 53, 916–917. https​://doi.org/10.1641/0006-3568(2003)053[0916:BHR]2.0

.CO;2 (2003).
	 17.	 Mittermeier, R. A., Turner, W. R., Larsen, F. W., Brooks, T. M. & Gascon, C. in Biodiversity Hotspots (eds F. Zachos & J. Habel) 

3–22 (Springer, Berlin, 2011).
	 18.	 Böhm, M. et al. The conservation status of the world’s reptiles. Biol. Conserv. 157, 372–385. https​://doi.org/10.1016/j.bioco​

n.2012.07.015 (2013).
	 19.	 Marchese, C. Biodiversity hotspots: a shortcut for a more complicated concept. Glob. Ecol. Conserv. 3, 297–309. https​://doi.

org/10.1016/j.gecco​.2014.12.008 (2015).
	 20.	 Crossman, N. D., Bryan, B. A. & Summers, D. M. Identifying priority areas for reducing species vulnerability to climate change. 

Divers. Distrib. 18, 60–72. https​://doi.org/10.1111/j.1472-4642.2011.00851​.x (2012).
	 21.	 Fagundes, C. K., Vogt, R. C., de Souza, R. A. & De Marco Jr, P. Vulnerability of turtles to deforestation in the Brazilian Amazon: 

indicating priority areas for conservation. Biol. Conserv. 226, 300–310. https​://doi.org/10.1016/j.bioco​n.2018.08.009 (2018).
	 22.	 Trombulak, S. C. in Landscape-scale Conservation Planning (eds Stephen C. Trombulak & Robert F. Baldwin) 303–324 (Springer 

Netherlands, 2010).
	 23.	 Reddy, C. S., Faseela, V. S., Unnikrishnan, A. & Jha, C. S. Earth observation data for assessing biodiversity conservation priorities 

in South Asia. Biodivers. Conserv. 28, 2197–2219. https​://doi.org/10.1007/s1053​1-018-1681-0 (2019).
	 24.	 Schmitt, C. B. in Biodiversity Hotspots: Distribution and Protection of Conservation Priority Areas (eds Frank E. Zachos & Jan 

Christian Habel) 23–42 (Springer Berlin Heidelberg, 2011).
	 25.	 Asaad, I., Lundquist, C. J., Erdmann, M. V. & Costello, M. J. Ecological criteria to identify areas for biodiversity conservation. 

Biol. Conserv. 213, 309–316. https​://doi.org/10.1016/j.bioco​n.2016.10.007 (2017).
	 26.	 McRae, L., Deinet, S. & Freeman, R. The diversity-weighted living planet index: controlling for taxonomic bias in a global 

biodiversity indicator. PLoS ONE 12, e0169156. https​://doi.org/10.1371/journ​al.pone.01691​56 (2017).
	 27.	 Whittaker, R. J. et al. Conservation biogeography: assessment and prospect. Divers. Distrib. 11, 3–23. https​://doi.org/10.111

1/j.1366-9516.2005.00143​.x (2005).
	 28.	 Hortal, J. et al. Seven shortfalls that beset large-scale knowledge of biodiversity. Annu. Rev. Ecol. Evol. Syst. 46, 523–549. https​

://doi.org/10.1146/annur​ev-ecols​ys-11241​4-05440​0 (2015).
	 29.	 Ondei, S., Brook, B. W. & Buettel, J. C. Nature’s untold stories: an overview on the availability and type of on-line data on long-

term biodiversity monitoring. Biodivers. Conserv. 27, 2971–2987. https​://doi.org/10.1007/s1053​1-018-1582-2 (2018).
	 30.	 Schmeller, D. S. et al. Building capacity in biodiversity monitoring at the global scale. Biodivers. Conserv. 26, 2765–2790. https​

://doi.org/10.1007/s1053​1-017-1388-7 (2017).
	 31.	 Amano, T. & Sutherland, W. J. Four barriers to the global understanding of biodiversity conservation: wealth, language, geo-

graphical location and security. Proc. R. Soc. B Biol. Sci. 280, 20122649. https​://doi.org/10.1098/rspb.2012.2649 (2013).
	 32.	 Roll, U. et al. The global distribution of tetrapods reveals a need for targeted reptile conservation. Nat. Ecol. Evol. 1, 1677–1682. 

https​://doi.org/10.1038/s4155​9-017-0332-2 (2017).
	 33.	 Hoffmann, M. et al. The impact of conservation on the status of the world’s vertebrates. Science 330, 1503–1509. https​://doi.

org/10.1126/scien​ce.11944​42 (2010).

http://doi.org/10.5281/zenodo.3685897
https://doi.org/10.15468/ozcrpu).The
https://doi.org/10.15468/ozcrpu).The
https://github.com/bienflorencia/biodiversity_hotspots
https://doi.org/10.1038/35012228
https://doi.org/10.1146/annurev.ecolsys.37.091305.110100
https://doi.org/10.1146/annurev.ecolsys.37.091305.110100
https://doi.org/10.1038/nature05237
https://doi.org/10.1038/nature05237
https://doi.org/10.1371/journal.pone.0113934
https://doi.org/10.1371/journal.pone.0113934
https://doi.org/10.1126/science.1187512
https://doi.org/10.1126/science.1187512
https://doi.org/10.1126/science.1251817
https://doi.org/10.1126/science.aaa4984
https://doi.org/10.1038/nature11148
https://doi.org/10.1371/journal.pbio.1001127
https://doi.org/10.1126/science.1127609
https://doi.org/10.1038/35012251
https://doi.org/10.1038/35002501
https://doi.org/10.1016/S0169-5347(98)01363-9
https://doi.org/10.1641/0006-3568(2003)053[0916:BHR]2.0.CO;2
https://doi.org/10.1641/0006-3568(2003)053[0916:BHR]2.0.CO;2
https://doi.org/10.1016/j.biocon.2012.07.015
https://doi.org/10.1016/j.biocon.2012.07.015
https://doi.org/10.1016/j.gecco.2014.12.008
https://doi.org/10.1016/j.gecco.2014.12.008
https://doi.org/10.1111/j.1472-4642.2011.00851.x
https://doi.org/10.1016/j.biocon.2018.08.009
https://doi.org/10.1007/s10531-018-1681-0
https://doi.org/10.1016/j.biocon.2016.10.007
https://doi.org/10.1371/journal.pone.0169156
https://doi.org/10.1111/j.1366-9516.2005.00143.x
https://doi.org/10.1111/j.1366-9516.2005.00143.x
https://doi.org/10.1146/annurev-ecolsys-112414-054400
https://doi.org/10.1146/annurev-ecolsys-112414-054400
https://doi.org/10.1007/s10531-018-1582-2
https://doi.org/10.1007/s10531-017-1388-7
https://doi.org/10.1007/s10531-017-1388-7
https://doi.org/10.1098/rspb.2012.2649
https://doi.org/10.1038/s41559-017-0332-2
https://doi.org/10.1126/science.1194442
https://doi.org/10.1126/science.1194442


13

Vol.:(0123456789)

Scientific Reports |        (2020) 10:22045  | https://doi.org/10.1038/s41598-020-79074-8

www.nature.com/scientificreports/

	 34.	 Meiri, S. et al. Extinct, obscure or imaginary: the lizard species with the smallest ranges. Divers. Distrib. 24, 262–273. https​://
doi.org/10.1111/ddi.12678​ (2018).

	 35.	 Hudson, L. N. et al. The PREDICTS database: a global database of how local terrestrial biodiversity responds to human impacts. 
Ecol. Evol. 4, 4701–4735. https​://doi.org/10.1002/ece3.1303 (2014).

	 36.	 Gaston, K. J. Biodiversity-congruence. Prog. Phys. Geogr. 20, 105–112 (1996).
	 37.	 Orme, C. D. et al. Global hotspots of species richness are not congruent with endemism or threat. Nature 436, 1016–1019. https​

://doi.org/10.1038/natur​e0385​0 (2005).
	 38.	 Stark, G., Pincheira-Donoso, D. & Meiri, S. No evidence for the ‘rate-of-living’ theory across the tetrapod tree of life. Glob. Ecol. 

Biogeogr. 29, 857–884. https​://doi.org/10.1111/geb.13069​ (2020).
	 39.	 Fletcher, R. & Fortin, M. Spatial Ecology and Conservation Modeling (Springer, Berlin, 2018).
	 40.	 Zhao, L., Li, J., Liu, H. & Qin, H. Distribution, congruence and hotspots of higher plants in China. Sci. Rep. 6, 19080. https​://

doi.org/10.1038/srep1​9080 (2016).
	 41.	 Soberón, J. & Peterson, T. Biodiversity informatics: managing and applying primary biodiversity data. Philos. Trans. R. Soc. Lond. 

B Biol. Sci. 359, 689–698. https​://doi.org/10.1098/rstb.2003.1439 (2004).
	 42.	 Neves, I. Q., da LuzMathias, M. & Bastos-Silveira, C. Mapping knowledge gaps of Mozambique’s terrestrial mammals. Sci. Rep. 

9, 1–14. https​://doi.org/10.1038/s4159​8-019-54590​-4 (2019).
	 43.	 Soriano, A. in Ecosystems of the world 8A. Natural grasslands. Introduction and Western Hemisphere (ed R Coupland) 367–407 

(Elsevier: Amsterdam, 1991).
	 44.	 Andrade, B. O. et al. Vascular plant species richness and distribution in the Río de la Plata grasslands. Bot. J. Linn. Soc. 188, 6. 

https​://doi.org/10.1093/botli​nnean​/boy06​3 (2018).
	 45.	 Grela, I. Geografía florística de las especies arbóreas de Uruguay: propuesta para la delimitación de dendrofloras, Universidad de 

la República. Facultad de Ciencias - PEDECIBA, (2004).
	 46.	 Arballo, E. & Cravino, J. Aves del Uruguay, Manual Ornitológico. Editorial Hemisferio Sur, Montevideo 1 (1999).
	 47.	 González, E. M. & Martínez-Lanfranco, J. A. in Mamíferos de Uruguay. Guía de campo e introducción a su estudio y conservación 

321–327 (Banda Oriental, MNHN y Vida Silvestre Uruguay, 2010).
	 48.	 Pincheira-Donoso, D. The untold story on the ecological and phylogenetic complexity of the Uruguayan reptile fauna. Zootaxa 

2354, 67–68. https​://doi.org/10.11646​/zoota​xa.2354.1.6 (2010).
	 49.	 Núñez, D., Maneyro, R., Langone, J. & de Sa, R. O. Distribución geográfica de la fauna de anfibios del Uruguay. Smithsonian 

Herpetol. Inf. Serv. https​://doi.org/10.5479/si.23317​515.134.1 (2004).
	 50.	 Grattarola, F. & Rodríguez-Tricot, L. Mammals of Paso Centurión, an area with relicts of Atlantic Forest in Uruguay. Neotrop. 

Biol. Conserv. 15, 267–283. https​://doi.org/10.3897/neotr​opica​l.15.e5306​2 (2020).
	 51.	 SISNAP. SNAP Information System. http://www.snap.gub.uy/sisna​p (2020).
	 52.	 Soutullo, A. & Gudynas, E. How effective is the MERCOSUR’s network of protected areas in representing South America’s 

ecoregions?. Oryx 40, 112–116. https​://doi.org/10.1017/S0030​60530​60000​20 (2006).
	 53.	 Baldi, G. et al. Nature representation in South American protected areas: country contrasts and conservation priorities. PeerJ 

7, e7155. https​://doi.org/10.7717/peerj​.7155 (2019).
	 54.	 Brazeiro, A. Eco-regiones de Uruguay: biodiversidad, presiones y conservación : aportes a la Estrategia Nacional de Biodiversidad. 

(Facultad de Ciencias, UDELAR, 2015).
	 55.	 Canavero, A. et al. Amphibian diversity of Uruguay: Background knowledge, inventory completeness and sampling coverage. 

Boletín de la Sociedad Zoológica de Uruguay 19, 2–19 (2010).
	 56.	 Carreira, S. et al. Diversity of reptiles of Uruguay: knowledge and information gaps. Boletín de la Sociedad Zoológica de Uruguay 

21, 9–29 (2012).
	 57.	 Soutullo, A., Clavijo, C. & Martínez-Lanfranco, J. Especies prioritarias para la conservación en Uruguay. Vertebrados, moluscos 

continentales y plantas vasculares. (SNAP/DINAMA/MVOTMA and DICYT/MEC, 2013).
	 58.	 Grattarola, F. et al. Biodiversidata: An open-access biodiversity database for Uruguay. Biodivers. Data J. https​://doi.org/10.3897/

BDJ.7.e3622​6 (2019).
	 59.	 Grattarola, F. et al. Biodiversidata: A novel dataset for the vascular plant species diversity in Uruguay. Biodivers. Data J. https​://

doi.org/10.3897/BDJ.8.e5685​0 (2020).
	 60.	 Luck, G. W. A review of the relationships between human population density and biodiversity. Biol. Rev. 82, 607–645. https​://

doi.org/10.1111/j.1469-185X.2007.00028​.x (2007).
	 61.	 Luck, G. W. & Smallbone, L. T. in Urban Ecology Ecological Reviews (ed Kevin J. Gaston) 88–119 (Cambridge University Press, 

Cambridge, 2010).
	 62.	 Pardo, I. et al. Spatial congruence between taxonomic, phylogenetic and functional hotspots: true pattern or methodological 

artefact?. Divers. Distrib. 23, 209–220. https​://doi.org/10.1111/ddi.12511​ (2017).
	 63.	 Peterson, A. T., Asase, A., Canhos, D. A. L., de Souza, S. & Wieczorek, J. Data leakage and loss in biodiversity informatics. 

Biodivers. Data J. https​://doi.org/10.3897/BDJ.6.e2682​6 (2018).
	 64.	 Lamoreux, J. F. et al. Global tests of biodiversity concordance and the importance of endemism. Nature 440, 212–214. https​://

doi.org/10.1038/natur​e0429​1 (2006).
	 65.	 Feng, J.-M., Zhang, Z. & Nan, R.-Y. Non-congruence among hotspots based on three common diversity measures in Yunnan, 

south-west China. Plant Ecol. Divers. 4, 353–361. https​://doi.org/10.1080/17550​874.2012.69720​4 (2011).
	 66.	 Westgate, M. J., Barton, P. S., Lane, P. W. & Lindenmayer, D. B. Global meta-analysis reveals low consistency of biodiversity 

congruence relationships. Nat. Commun. 5, 3899. https​://doi.org/10.1038/ncomm​s4899​ (2014).
	 67.	 Xu, H. et al. Biodiversity congruence and conservation strategies: a national test. Bioscience 58, 632–639. https​://doi.org/10.1641/

b5807​10 (2008).
	 68.	 Brazeiro, A. et al. Prioridades Geográficas para la Conservación de la Biodiversidad Terrestre (Resumen Ejecutivo) (Facultad de 

Ciencias, Universidad de la República, Montevideo, Montevideo, 2008).
	 69.	 Oliveira, U. et al. The strong influence of collection bias on biodiversity knowledge shortfalls of Brazilian terrestrial biodiversity. 

Divers. Distrib. 22, 1232–1244. https​://doi.org/10.1111/ddi.12489​ (2016).
	 70.	 Hurlbert, A. H. & Jetz, W. Species richness, hotspots, and the scale dependence of range maps in ecology and conservation. Proc. 

Natl. Acad. Sci. 104, 13384–13389. https​://doi.org/10.1073/pnas.07044​69104​ (2007).
	 71.	 Boakes, E. H., Fuller, R. A., McGowan, P. J. K. & Mace, G. M. Uncertainty in identifying local extinctions: the distribution of 

missing data and its effects on biodiversity measures. Biol. Lett. https​://doi.org/10.1098/rsbl.2015.0824 (2016).
	 72.	 Stropp, J. et al. Mapping ignorance: 300 years of collecting flowering plants in Africa. Glob. Ecol. Biogeogr. 25, 1085–1096. https​

://doi.org/10.1111/geb.12468​ (2016).
	 73.	 Di Minin, E. & Toivonen, T. Global protected area expansion: creating more than paper parks. Bioscience 65, 637–638. https​://

doi.org/10.1093/biosc​i/biv06​4 (2015).
	 74.	 Guisan, A. et al. Predicting species distributions for conservation decisions. Ecol. Lett. 16, 1424–1435. https​://doi.org/10.1111/

ele.12189​ (2013).
	 75.	 Ahrends, A. et al. Funding begets biodiversity. Divers. Distrib. 17, 191–200. https​://doi.org/10.1111/j.1472-4642.2010.00737​.x 

(2011).

https://doi.org/10.1111/ddi.12678
https://doi.org/10.1111/ddi.12678
https://doi.org/10.1002/ece3.1303
https://doi.org/10.1038/nature03850
https://doi.org/10.1038/nature03850
https://doi.org/10.1111/geb.13069
https://doi.org/10.1038/srep19080
https://doi.org/10.1038/srep19080
https://doi.org/10.1098/rstb.2003.1439
https://doi.org/10.1038/s41598-019-54590-4
https://doi.org/10.1093/botlinnean/boy063
https://doi.org/10.11646/zootaxa.2354.1.6
https://doi.org/10.5479/si.23317515.134.1
https://doi.org/10.3897/neotropical.15.e53062
http://www.snap.gub.uy/sisnap
https://doi.org/10.1017/S0030605306000020
https://doi.org/10.7717/peerj.7155
https://doi.org/10.3897/BDJ.7.e36226
https://doi.org/10.3897/BDJ.7.e36226
https://doi.org/10.3897/BDJ.8.e56850
https://doi.org/10.3897/BDJ.8.e56850
https://doi.org/10.1111/j.1469-185X.2007.00028.x
https://doi.org/10.1111/j.1469-185X.2007.00028.x
https://doi.org/10.1111/ddi.12511
https://doi.org/10.3897/BDJ.6.e26826
https://doi.org/10.1038/nature04291
https://doi.org/10.1038/nature04291
https://doi.org/10.1080/17550874.2012.697204
https://doi.org/10.1038/ncomms4899
https://doi.org/10.1641/b580710
https://doi.org/10.1641/b580710
https://doi.org/10.1111/ddi.12489
https://doi.org/10.1073/pnas.0704469104
https://doi.org/10.1098/rsbl.2015.0824
https://doi.org/10.1111/geb.12468
https://doi.org/10.1111/geb.12468
https://doi.org/10.1093/biosci/biv064
https://doi.org/10.1093/biosci/biv064
https://doi.org/10.1111/ele.12189
https://doi.org/10.1111/ele.12189
https://doi.org/10.1111/j.1472-4642.2010.00737.x


14

Vol:.(1234567890)

Scientific Reports |        (2020) 10:22045  | https://doi.org/10.1038/s41598-020-79074-8

www.nature.com/scientificreports/

	 76.	 Hochkirch, A. et al. A strategy for the next decade to address data deficiency in neglected biodiversity. Conserv. Biol. https​://
doi.org/10.1111/cobi.13589​ (2020).

	 77.	 Cabrera, M. R. & Carreira, S. A new, but probably extinct, species of Cnemidophorus (Squamata, Teiidae) from Uruguay. Herpetol. 
J. 19, 97–105 (2009).

	 78.	 Verrastro, L., Maneyro, R., Da Silva, C. M. & Farias, I. A new species of lizard of the L. wiegmannii group (Iguania: Liolaemidae) 
from the Uruguayan Savanna. Zootaxa 4294, 443–461. https​://doi.org/10.11646​/zoota​xa.4294.4.4 (2017).

	 79.	 Maneyro, R., Arrieta, D. & de Sá, R. O. A new toad (Anura: Bufonidae) from Uruguay. J. Herpetol. 38, 161–165. https​://doi.
org/10.1670/54-03A (2004).

	 80.	 Maneyro, R., Naya, D. E. & Baldo, D. A new species of Melanophryniscus (Anura, Bufonidae) from Uruguay. Iheringia. Série 
Zoologia 98, 189–192. https​://doi.org/10.1590/S0073​-47212​00800​02000​03 (2008).

	 81.	 Rosset, S. D. New Species of Odontophrynus Reinhardt and Lütken 1862 (Anura: Neobatrachia) from Brazil and Uruguay. J. 
Herpetol. 42, 134–144. https​://doi.org/10.1670/07-088R1​.1 (2008).

	 82.	 Grattarola, F. et al. Primer registro de yaguarundí (Puma yagouaroundi) (Mammalia: Carnivora: Felidae) en Uruguay, con 
comentarios sobre monitoreo participativo. Boletín de la Sociedad Zoológica del Uruguay 25, 85–91 (2016).

	 83.	 Prigioni, C. M., Villalba, J. S., Sappa, A. & González, J. C. Confirmación de la presencia del mono aullador negro (Alouatta 
caraya) (Mammalia, Primates, Atelidae) en el Uruguay. Acta Zoológica Platense 1 (2018).

	 84.	 Canavero, A., Naya, D. & Maneyro, R. Leptodactylus furnarius Sazima & Bokermann, 1978 (Anura: leptodactylidae). Cuadernos 
de Herpetología 15, 89 (2001).

	 85.	 Kwet, A. et al. First record of Hyla albopunctata Spix, 1824 (Anura: Hylidae) in Uruguay, with comments on the advertisement 
call. Boletín de la Asociación Herpetológica Española 13, 15–19 (2002).

	 86.	 Maneyro, R. & Beheregaray, M. First record of Physalaemus cuvieri Fitzinger, 1826 (Anura, Leiuperidae) in Uruguay, with com-
ments on the anuran fauna along the borderline Uruguay-Brazil. Boletín de la Sociedad Zoológica del Uruguay 16, 36–41 (2007).

	 87.	 Azpiroz, A. B. & Menéndez, J. L. Three new species and novel distributional data for birds in Uruguay. Bull. Br. Ornithol. Club 
128, 38–56 (2008).

	 88.	 Hernández, D. et al. Confirmación de la presencia del Tucán Grande Ramphastos toco (Piciformes: Ramphastidae) en Uruguay. 
Boletín de la Sociedad Zoológica del Uruguay 18, 35–38 (2009).

	 89.	 Rodríguez-Cajarville, M., Arballo, E. & Gambarotta, J. First documented records of Eastern Kingbird, Tyrannus tyrannus Lin-
naeus, 1758 (Aves: Tyrannidae) in Uruguay. Check List 13, 169–172. https​://doi.org/10.15560​/13.4.169 (2017).

	 90.	 Meyer, C., Kreft, H., Guralnick, R. & Jetz, W. Global priorities for an effective information basis of biodiversity distributions. 
Nat. Commun. 6, 8221. https​://doi.org/10.1038/ncomm​s9221​ (2015).

	 91.	 Sousa-Baena, M. S., Garcia, L. C. & Peterson, A. T. Completeness of digital accessible knowledge of the plants of Brazil and 
priorities for survey and inventory. Divers. Distrib. 20, 369–381. https​://doi.org/10.1111/ddi.12136​ (2014).

	 92.	 Faith, D. et al. Bridging the biodiversity data gaps: recommendations to meet users’ data needs. Biodivers. Inf. https​://doi.
org/10.17161​/bi.v8i2.4126 (2013).

	 93.	 Grattarola, F. & Pincheira-Donoso, D. Biodiversidata: a collaborative initiative towards open data availability in Uruguay. Biodiv-
ers. Inf. Sci. Stand. 3, e37715. https​://doi.org/10.3897/biss.3.37715​ (2019).

	 94.	 Grattarola, F. & Pincheira-Donoso, D. Data-sharing en Uruguay, la visión de los colectores y usuarios de datos. Boletín de la 
Sociedad Zoológica del Uruguay 28, 1–14. https​://doi.org/10.26462​/28.1.1 (2019).

	 95.	 Griffin, E. in Data Science Landscape. Studies in Big Data Vol. 38 (eds U. Munshi & N. Verma) 183–198 (Springer, 2018).
	 96.	 Freeman, B. & Peterson, A. T. Completeness of digital accessible knowledge of the birds of western Africa: priorities for survey. 

Condor https​://doi.org/10.1093/condo​r/duz03​5 (2019).
	 97.	 Amano, T., Lamming, J. D. L. & Sutherland, W. J. Spatial gaps in blobal biodiversity information and the role of citizen science. 

Bioscience 66, 393–400. https​://doi.org/10.1093/biosc​i/biw02​2 (2016).
	 98.	 Chandler, M. et al. Contribution of citizen science towards international biodiversity monitoring. Biol. Conserv. 213, 280–294. 

https​://doi.org/10.1016/j.bioco​n.2016.09.004 (2017).
	 99.	 Grattarola, F. et al. Biodiversidata: An open-access biodiversity database for Uruguay. Zenodo https​://doi.org/10.5281/zenod​

o.36858​97 (2019).
	100.	 Grattarola, F. et al. Tetrápodos de Uruguay. Occurrence dataset. GBIF https​://doi.org/10.15468​/ozcrp​u (2020).
	101.	 IUCN. The IUCN Red List of Threatened Species. http://www.iucnr​edlis​t.org (2020).
	102.	 Carreira, S. & Maneyro, R. Libro Rojo de los Anfibios y Reptiles del Uruguay. Biología y conservación de los Anfibios y Reptiles en 

peligro de extinción a nivel nacional. (DINAMA, 2019).
	103.	 Azpiroz, A. B., Jiménez, S. & Alfaro, M. Libro Rojo de las Aves del Uruguay. Biología y conservación de las aves en peligro de 

extinción a nivel nacional Categorías “Extinto a Nivel Regional”, “En Peligro Crítico” y “En Peligro”. (DINAMA & DINARA, 2017).
	104.	 Dale, M. R. & Fortin, M.-J. Spatial Analysis: A Guide for Ecologists (Cambridge University Press, Cambridge, 2014).
	105.	 Grattarola, F. GitHub repository https​://githu​b.com/bienf​loren​cia/Multi​ple-forms​-of-hotsp​ots-of-tetra​pod-biodi​versi​ty (2020).
	106.	 Dutilleul, P., Clifford, P., Richardson, S. & Hemon, D. Modifying the t test for assessing the correlation between two spatial 

processes. Biometrics 49, 305–314. https​://doi.org/10.2307/25326​25 (1993).
	107.	 Vallejos, R., Osorio, F. & Bevilacqua, M. Spatial Relationships Between Two Georeferenced Variables: with Applications in R 

(Springer, Berlin, 2018).
	108.	 Chao, A. et al. Rarefaction and extrapolation with Hill numbers: a framework for sampling and estimation in species diversity 

studies. Ecol. Monogr. 84, 45–67. https​://doi.org/10.1890/13-0133.1 (2014).
	109.	 Chao, A. et al. Quantifying sample completeness and comparing diversities among assemblages. Ecol. Res. 35, 292–314. https​://

doi.org/10.1111/1440-1703.12102​ (2020).
	110.	 Hsieh, T. C., Ma, K. H. & Chao, A. iNEXT: an R package for rarefaction and extrapolation of species diversity (Hill numbers). 

Methods Ecol. Evol. 7, 1451–1456. https​://doi.org/10.1111/2041-210x.12613​ (2016).
	111.	 Kusumoto, B. et al. Global distribution of coral diversity: biodiversity knowledge gradients related to spatial resolution. Ecol. 

Res. 35, 315–326. https​://doi.org/10.1111/1440-1703.12096​ (2020).
	112.	 Yang, W., Ma, K. & Kreft, H. Geographical sampling bias in a large distributional database and its effects on species richness–

environment models. J. Biogeogr. 40, 1415–1426. https​://doi.org/10.1111/jbi.12108​ (2013).
	113.	 Tittensor, D. P. et al. Global patterns and predictors of marine biodiversity across taxa. Nature 466, 1098–1101. https​://doi.

org/10.1038/natur​e0932​9 (2010).
	114.	 Gotelli, N. J. & Colwell, R. K. Quantifying biodiversity: procedures and pitfalls in the measurement and comparison of species 

richness. Ecol. Lett. 4, 379–391. https​://doi.org/10.1046/j.1461-0248.2001.00230​.x (2001).
	115.	 Oksanen, J. et al. Package ‘vegan’. Community ecology package, version 2 (2013).

Acknowledgements
The research leading to these results has received funding from Agencia Nacional de Investigación e Innovación 
(ANII Grant POS_EXT_2016_1_136663). FG thanks Wenjing Yang for providing the R scripts that were used 
as a base for the species accumulation curve construction and slope calculation, and Buntaro Kusumoto for his 
help and interchange on the species incidence data calculations. GL, RM, DED and LZ wish to thank the National 

https://doi.org/10.1111/cobi.13589
https://doi.org/10.1111/cobi.13589
https://doi.org/10.11646/zootaxa.4294.4.4
https://doi.org/10.1670/54-03A
https://doi.org/10.1670/54-03A
https://doi.org/10.1590/S0073-47212008000200003
https://doi.org/10.1670/07-088R1.1
https://doi.org/10.15560/13.4.169
https://doi.org/10.1038/ncomms9221
https://doi.org/10.1111/ddi.12136
https://doi.org/10.17161/bi.v8i2.4126
https://doi.org/10.17161/bi.v8i2.4126
https://doi.org/10.3897/biss.3.37715
https://doi.org/10.26462/28.1.1
https://doi.org/10.1093/condor/duz035
https://doi.org/10.1093/biosci/biw022
https://doi.org/10.1016/j.biocon.2016.09.004
https://doi.org/10.5281/zenodo.3685897
https://doi.org/10.5281/zenodo.3685897
https://doi.org/10.15468/ozcrpu
http://www.iucnredlist.org
https://github.com/bienflorencia/Multiple-forms-of-hotspots-of-tetrapod-biodiversity
https://doi.org/10.2307/2532625
https://doi.org/10.1890/13-0133.1
https://doi.org/10.1111/1440-1703.12102
https://doi.org/10.1111/1440-1703.12102
https://doi.org/10.1111/2041-210x.12613
https://doi.org/10.1111/1440-1703.12096
https://doi.org/10.1111/jbi.12108
https://doi.org/10.1038/nature09329
https://doi.org/10.1038/nature09329
https://doi.org/10.1046/j.1461-0248.2001.00230.x


15

Vol.:(0123456789)

Scientific Reports |        (2020) 10:22045  | https://doi.org/10.1038/s41598-020-79074-8

www.nature.com/scientificreports/

System of Researchers (Sistema Nacional de Investigadores, SNI-ANII, Uruguay). LZ also thanks The Rufford 
Foundation, UK for field work funding (Grant Number 11011-1). DPD is indebted to the financial support 
provided by the School of Biological Sciences, Queen’s University Belfast.

Author contributions
F.G. and D.P.D. conceived the study. F.G. compiled and standardised the data, performed all the analyses and 
prepared all the figures. F.G., G.B., D.H., G.L., P.M., R.M., J.A.M.L, D.E.N., I.d.R., N.G., A.G., E.M.G., J.G., 
A.L.R. and L.Z. contributed with species occurrence data. F.G. and D.P.D. wrote the manuscript. F.G., J.A.M.L., 
G.B., D.H., G.L., P.M., R.M., D.E.N. and D.P.D. discussed the results and commented on the manuscript. All the 
authors reviewed the manuscript.

Competing interests 
Authors have no competing interests to declare. We declare that the joint co-authorship of this article, or the 
affiliation to the Biodiversidata initiative, does not imply responsibility of any individual, directly or indirectly, 
for the principles and values of other members or co-authors.

Additional information
Supplementary Information  The online version contains supplementary material availlable at https​://doi.
org/10.1038/s4159​8-020-79074​-8.

Correspondence and requests for materials should be addressed to F.G. or D.P.-D.

Reprints and permissions information is available at www.nature.com/reprints.

Publisher’s note  Springer Nature remains neutral with regard to jurisdictional claims in published maps and 
institutional affiliations.

Open Access   This article is licensed under a Creative Commons Attribution 4.0 International 
License, which permits use, sharing, adaptation, distribution and reproduction in any medium or 

format, as long as you give appropriate credit to the original author(s) and the source, provide a link to the 
Creative Commons licence, and indicate if changes were made. The images or other third party material in this 
article are included in the article’s Creative Commons licence, unless indicated otherwise in a credit line to the 
material. If material is not included in the article’s Creative Commons licence and your intended use is not 
permitted by statutory regulation or exceeds the permitted use, you will need to obtain permission directly from 
the copyright holder. To view a copy of this licence, visit http://creat​iveco​mmons​.org/licen​ses/by/4.0/.

© The Author(s) 2020

https://doi.org/10.1038/s41598-020-79074-8
https://doi.org/10.1038/s41598-020-79074-8
www.nature.com/reprints
http://creativecommons.org/licenses/by/4.0/

	Multiple forms of hotspots of tetrapod biodiversity and the challenges of open-access data scarcity
	Results
	The spatial distribution of biodiversity. 
	The spatial congruence of biodiversity hotspots. 
	Spatial correlation of sampling effort and biodiversity hotspots. 
	Comparing true diversities among groups. 
	Protected area network and hotspots of tetrapods. 
	Areas of ‘ignorance’. 

	Discussion
	Biodiversity hotspots: real or fabricated? 
	Spatial incongruence among hotspots of biodiversity. 
	Towards effective conservation of biodiversity. 
	Future directions targeting knowledge gaps. 

	Materials and methods
	Data. 
	Mapping biodiversity metrics and hotspots. 
	Hotspots congruence. 
	Spatial correlations. 
	Comparisons of observed and estimated diversities. 
	Congruence between protected areas and hotspots of biodiversity. 
	Identification of ‘areas of ignorance’. 

	References
	Acknowledgements


